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Review of the Construction and Application of Traditional Chinese
Medicine Knowledge Graph

YANG Yifan, LIU Zhongbo, ZHOU Yuxin
(School of Computer Science and Technology , Inner Mongolia Minzu University, Tongliao 028000, China)

Abstract: Traditional Chinese medicine is gradually entering the era of digitization and intelligence, and knowledge graphs, as an important
branch technology of artificial intelligence, are gradually being applied in various fields. In this context, the traditional Chinese medicine
knowledge graph emerged, which comprehensively integrates traditional Chinese medicine knowledge by modeling key entities and semantic
relationships, playing a positive role in promoting the systematic learning of doctors and assisting patients in diagnosis. This article introduces
the methods required for constructing a knowledge graph of traditional Chinese medicine, and summarizes, compares, and applies various
methods. Finally, the challenges and prospects encountered in clinical decision—making diagnosis, intelligent semantic search, intelligent
Q&A, data mining, and knowledge graph of traditional Chinese medicine will be discussed.
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Fig. 1 Construction process of traditional Chinese medicine knowledge graph

&1

REMIAE G ETE



28 1

By, X0 S, A - o B R P i 2 R PR 25k - 19 -

1.1 HEHER

A BEHE R BBk e, v B a2
T o 22 3 B SR DR AT A 23y 328, 23 Sl < 45
WA SR RE S ARSI AL e . SRR RaE A I
B2 CRIMS SURIES M A70 L 5 T L8 AEfE R oM Bl -
BEMEEANG R (M4 RE AR B0 A S8 (LT
PRI 0 SRR T A AR s o R A R s K2 LU
XML (eXtensible Markup Language) . JSON (JavaScript Ob-
ject Notation ) A% A7 , BAT — 5 IE5HE  (AUAAT & 1A%
ARt PR 2P A R A R 1 B B L BAR 4 1 T
B BR A A AL B] BT 7 28— A B A S A A REREA T A AL
BB . BN, i b A BRIE S R R A P B A
RYESCF AR TR A A AR o AR A5 R A B I A
B ) 2 kg AR X R LRI L TRR R S
AR . AR R PR 2~ il b i e R B S R
(R — B 23, AL 3 SCAS (BE A 2 W RS L TR IE R R
SCHR EE R Sl (B eE R SO A . T ARG
AR 4 52 e R 2 R, X G 18 20 0 4l o 5 A
By B AL B BLAR ) A ARTE S AR BSE R T B, PR
AR 1R

o, v v B 2 R0k 2R I P A R A e,
RIS ) R 32 B XA (] A
1.2 FEMIRHE

SRR BB A A R PR ) S B AP R 2 — o R
B N SCAR 88 B F ghalif B sl 82 5O 6 6 A 1R
A AR . AR S E AR b, kT 25 A B Ak
SEA AL T ER O P A SR SCR TR, T AT
SEPCH A, B LU B i —Fh T LU 5 0L A S
SRR B2 A T 87 1A R P A S B TR AT S T 1) o AR
EBA G P AR S R, B R A Bh
o SR P BESCR TR R
121 B SRR

S HCLFR A i 44 SE AR (Named Entity Recogni-
tion, NER) , H F A2 A SCAS A Ul AR CH A R E

SCHY A (I FAE 7R KA ) | 3% 5 e i Hh B AR ]
TS DA S TR AR A R B SR A HE A R A TR FLELE
BRI . LIRS S A SRR 5 7 i 2 ) i K R D) 7 7
B 1% AR T BE U b R BE R g i A
T SRR 5 A8 A DE I 1) Oy =k A 1) e, 5 AR B b
P dm) e b b b B SR . HORACEER TF R N L BAT £l
fy e B R i HL A B TSR . ER A
SCAS VG JE 0 3 T VR I S AU 55 Y R . 2 i
F 5 B4 P rh 2y i 44 LR S 2R SEAR A I LI, e T A
i 4 AR BA ZRE PRI 2Pk W AR 25 Fh AN [R] 1) i 44
FEAE AN 2, PR A At 5 2 1) - i 25 845+ TRE , e
ke b B ORI H IR A4 TR )R, e, A RSN
BT e o O R R T AL g 2 ) B S e AR A
ARG B KA b JEA T SRS IR, R b 1 4 i i bk
BRI k. H TP A G BE R - 4Pk 8] )4 (Linear Re-
gression) iz AmlE| (Logistic Regression) SRR (Decision
Trees) . B HL 2% & (Random Forest) | 3 £F [7] 1 HL (Support
Vector Machine, SVM) . K- i 4F (K-Nearest Neighbors,
KNN) . #b 2 0L i3 (Naive Bayes) 14 28 ) 2% (Neural Net-
works ) 55 o HL#E 2% > BT DL 2 2 A SRR
T 32 137 AN 07728 A 1 B 58 RIS X — R P fel G T
N TARTEFAME AR |, HLRG AR R BRI b 1 52 2 O &
A5

2011 4%, Collobert %5 O 48 H — AR 2 4 22 [ 45 5700 |
A R EE R AT IR TR G305, X W AR TR 2
A R BIA Z — EAA STl Bert—BILSTM-
CRF (Bidirectional Encoder Representation from Transform-
ers—Bidirectional Long Short—Term Memory—constant ratefac-
tor) % [ 1% KU Je] A B8 0452 194 e AR il s 00 2 A7 e 1L 4R
R, e 1 A R AR S5 R A BCE T RE S SR B O N D
H B R S I R e S A LA R A S Bl
B/ B L f ERNIE-BILSTM-CRF # % 43 51| 5 BIL-
STM-CRF Fil Bert-BILSTM-CRF 5 78 i 1 2% | 4[] % J F'1
(B AR A B AT HO3E , Bie 245 11 A FH 76 BERT A5 80 JE Ak

Table 1 Commonly used databases of traditional Chinese medicine
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